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Abstract

Crowdlending offers an efficient alternative to traditional financial intermediaries. However,
despite its recognised benefits, crowdlending transaction volumes remain stagnant worldwide.
In response, securing crowdlending platforms’ competitiveness requires ensuring that they are
attractive to lenders and borrowers alike. The core benefits that entice crowdlenders include
the interest rates on offer for this type of lending. Therefore, the present study aims to identify
the combinations of conditions that explain what interest rate crowdlenders expect to receive.
The revised stimulus-organism-response (S-O-R) theory is used, supported by an empirical
study using qualitative comparative analysis (QCA) and necessary condition analysis (NCA).
The results for a sample of 94 crowdlending investors identify two terms that explain the
expectation of high interest rates and three terms that explain the non-expectation of high
interest rates. Furthermore, the results show that knowledge acts as a necessary condition for
both expecting and not expecting high interest rates. Conditions that are always present in
explaining the expectation of high interest rates are having a high level of financial
knowledge and not considering information shared by the platform on social media to be
useful. Conversely, explanations of the non-expectation of high interest rates always contain
lenders’ high green perceived value. These findings can help crowdlending platforms
strengthen their competitiveness by allowing them to offer lower interest rates to these
lenders. The findings thus underscore the importance of lenders’ financial knowledge and
green perceived value. They also provide novel insights regarding the dissemination of
information to lenders.
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1 INTRODUCTION

Economic growth and technological development have led to business models that offer
consumers novel products and services. One example of such a business model is
crowdlending (Perdana et al., 2023; Vasquez-Ordoéiiez et al., 2023), whose rise is linked to
disintermediation in the financial sector (Domotor et al.,, 2023). Following this trend of
disintermediation, crowdlending consists of funding projects by channelling contributions
from numerous individuals through specialised platforms (Slimane & Rousseau, 2020).
Unlike in similar crowdfunding business models, users lend funds instead of donating or
consuming (Penz et al., 2022; Perdana et al., 2023; Xue et al., 2024). Crowdlending has
multiple advantages such as lower regulatory and transaction costs, higher efficiency and
speed of loan processing, and greater access to financial services thanks to disintermediation,
transparency, and decentralisation (Adhami et al., 2023; Albort-Morant et al., 2025; Caglayan
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et al., 2021; Perdana et al., 2023; Pierrakis, 2019). In addition, in crowdlending, technological
advances such as big data and artificial intelligence (AI) can be applied quickly and flexibly,
which can provide a competitive advantage over traditional financial institutions (D&métor et
al., 2023). Together, these features have led to the firm establishment of crowdlending as an
alternative form of financing for startups and small and medium-sized enterprises (SMEs),
which often struggle to access financing from traditional channels (Adhami et al., 2023;
Domotor et al., 2023; Perdana et al., 2023; Pierrakis, 2019; Slimane & Rousseau, 2020). The
implication is that the ideal financing solution for early-stage ventures consists of combining
crowdfunding in the business creation phase with crowdlending to support operations
(Ribeiro-Navarrete et al., 2025; Xue et al., 2024).

Despite its virtues, the volume of crowdlending transactions has remained stagnant worldwide
since 2021, reaching $15.27 billion in 2024. There has also been stagnation in the Spanish
crowdlending system, where transaction volumes in 2024 were similar to those in 2019,
remaining around $36 million (Statista, 2025b). These figures reflect uneven behaviour in
digital lending, in which investors display caution following an initial phase of high growth
(Perdana & Gultom, 2026). Therefore, crowdlending platforms face the challenge of
maintaining their appeal and attracting users in the form of both lenders and founders (Jabeur
et al., 2025; Ribeiro-Navarrete et al., 2021; Ribeiro-Navarrete et al., 2022; Slimane &
Rousseau, 2020; Wang et al., 2021), despite a general lack of knowledge of the dynamics and
key factors driving the success of these platforms (Del Sarto, 2025).

Although crowdlending firms must react to political developments and regulatory costs in
order to stay competitive (Perdana et al., 2023), the role of interest rates remains crucial, with
interest rates typically exceeding the rates offered by traditional financial intermediaries
(Adhami et al., 2023; Domotor et al., 2023; Del Sarto, 2025; Mora-Cruz & Palos-Sanchez,
2023; Ribeiro-Navarrete et al., 2022; Ritika & Khanna, 2025). Thus, although interest rates
are amongst the decision-making levers used by lenders (Ribeiro-Navarrete at al., 2022), they
also entail a cost for borrowers. Therefore, the competitiveness of crowdlending platforms
depends on achieving a careful balance. Namely, the interest rate indicates not only the
potential financial return for lenders but also the monetary cost that the borrower will pay,
thereby offering a signal from the market regarding the economic performance of the project
or its risk of default (Adhami et al., 2023; Martinez-Climent et al., 2021; Slimane &
Rousseau, 2020). Therefore, there is an inverse relationship between the interest rate paid to
lenders and the risk of the investment (Adhami et al., 2023; Moreno-Moreno et al., 2019;
Vasquez-Ordoiiez et al., 2023). However, it is unclear whether lenders are well compensated
for the high level of risk they take with these loans (DOmétor et al., 2023). Hence, the present
study addresses the following research question: What combination of factors explains the
interest rates that lenders expect to receive from their crowdlending investments?

However, the role of interest rates offered in the financing of crowdlending projects remains
unclear. One of the main motives for lenders to finance crowdlending projects is often the
prospect of interest payments, a self-interested motive that influences the success of funding
campaigns (Del Sarto, 2025; Penz et al., 2022; Slimane & Rousseau, 2020). In contrast, in
other cases, there are doubts over whether the interest rates offered explain lenders’ support
for loan requests (Moreno-Moreno et al., 2019). Likewise, lenders may prioritise the quality
of the platform and risk mitigation mechanisms such as transparent processes and fair risk
assessments over the terms of the loan itself (Perdana, & Gultom, 2026).

Therefore, there is still a need to understand the behaviour of crowdlenders (Albort-Morant et
al., 2025; Caglayan et al., 2021) and identify the best way to attract investors (Nyilasy et al.,
2025). Gaining a deeper knowledge of the conditions that determine the interest rates that
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lenders expect to receive could help resolve one of the main challenges facing crowdlending
platforms, namely information asymmetry (Adhami et al., 2023; Ribeiro-Navarrete et al.,
2022; Wang et al., 2021). This unanswered question is the research gap addressed by this
study.

The present study is based on the revised stimulus-organism-response (S-O-R) theory. This
theory enables assessment of the way in which the components of the stimulus dimension
(information from the platform and perceived usefulness of social media communications)
interact with those of the organism dimension (experience, financial knowledge, and lenders’
green perceived value) in generating a response (lenders’ expectations of interest rates). The
application of configural-cue theory together with the revised S-O-R theory offers a valuable
approach to analyse the effect of consumer interactions with drivers in the service context
(Gouranis et al., 2025).

In line with earlier studies, qualitative comparative analysis (QCA) was used to study the
revised S-O-R theory (Bigne et al., 2020; Medina-Molina et al., 2025a). QCA is ideal to
analyse the joint application of configural-cue theory with the revised S-O-R (Gouranis et al.,
2025). The study thus responds to calls to use configurational methods in studies with
theoretical multiplicity to offer a more insightful response to the chosen research question
(Medina-Molina et al., 2025b). This configurational approach enables the identification of
different combinations of conditions that crowdlending platforms can follow to ensure their
competitiveness through equifinal pathways (Jabeur et al., 2025). The present study is based
on data from 94 questionnaires completed by investors on Colectual, a Spanish crowdlending
platform. In 2025, there were 433 fintech firms in Spain, giving Spain the fifth highest
number of such firms in Europe, behind the United Kingdom, Germany, France, and
Switzerland (Statista, 2025a). Accordingly, the theoretical sampling approach employed in
the current application of QCA was used to select the sample, instead of applying random
sampling.

The results provide valuable findings. Whereas two terms explain situations in which lenders
expect to receive high interest rates, three terms explain situations in which lenders do not
expect to receive high interest rates. Lenders’ financial knowledge is an in-degree necessary
condition in relation to expected interest rates. In addition, two further conditions (the value
attributed to information shared on social media and green perceived value) are also found to
be relevant due to their presence in different explanatory terms.

2 THEORETICAL BACKGROUND

Crowdlending involves operations on multilateral platforms that bypass traditional financial
intermediaries (Albort-Morant et al., 2025; Ribeiro-Navarrete et al., 2022). Its origins lie in
using online channels to provide unsecured personal loans (Domotor et al., 2023; Pierrakis,
2019). This type of lending marketplace emerged in response to the inefficiencies of the
traditional financial system (Del Sarto, 2025; Moreno-Moreno et al., 2019), and now holds a
dominant position in the alternative financial instrument market (Anderloni et al., 2025).
Crowdlending platforms are two-sided markets, where the lending process results from the
interaction between lenders and borrowers. The key feature of crowdlending for both
borrowers and lenders is the number of agents operating on the other side of the market
(Martinez-Climent et al., 2021; Mora-Cruz & Palos-Sanchez, 2023; Slimane & Rousseau,
2020; Wang et al., 2021), with platforms playing a central role by matching lenders and
borrowers (DOmotor et al., 2023).
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In essence, three key agents are involved in crowdlending: borrowers, lenders, and platforms
(Jabeur et al., 2025; Perdana et al., 2023; Slimane & Rousseau, 2020). Borrowers can be
individuals (peer-to-peer lending) or entrepreneurs (peer-to-business lending) that need
financing for their projects. To secure this financing, they contact a platform that, if it accepts
their proposals, hosts their campaigns (Adhami et al., 2023; Albort-Morant et al., 2025;
Perdana et al., 2023; Slimane & Rousseau, 2020). The resulting feedback gives borrowers an
idea of how their creditworthiness is perceived. Borrowers are motivated by the search for a
fast, flexible solution to their financial needs, as well as the desire to diversify their sources of
financing by reducing their reliance on traditional financial channels (Anderloni et al., 2025).
By connecting with the platform, lenders can access information on hosted projects, which
includes a pre-defined interest rate on their investment (Penz et al., 2022; Ribeiro-Navarrete et
al., 2022). Once this information has been assessed and the borrower’s creditworthiness has
been established, lenders determine their investment based on their return requirements and
risk appetite (Adhami et al., 2023). For this purpose, an extensive loan description by
borrowers increases their funding opportunities. As a result of the disintermediation in
crowdlending, lenders receive a higher interest rate and borrowers pay a lower interest rate
than they would with traditional financial intermediaries (Martinez-Climent & Enri-Peiro,
2023). However, for borrowers, crowdlending can sometimes become more expensive than
traditional financial intermediaries (Del Sarto, 2025; Mora-Cruz & Palos-Sanchez, 2023).

Crowdlending’s lower transaction costs result from the removal of intermediaries, thereby
creating a pseudo-anonymous online lending market dominated by agents rather than experts.
Thus, problems of information asymmetry are relevant. This information asymmetry arises
when lenders lack information about the true risk profile of borrowers, which hinders an
accurate assessment of whether the loan will be repaid (Ghasemi et al., 2024; Nyilasy et al.,
2025). However, on occasions, the strategic decisions of early-stage investors are less focused
on mitigating uncertainty and more focused on achieving an exceptional return in excess of
the average, depending on investor appetite (Nyilasy et al., 2025).

The reliance on the probability of default when evaluating loans reflects the challenges
resulting from the information asymmetry between crowdlending platform agents (Ghasemi et
al., 2024). Even though platforms verify the creditworthiness of borrowers before hosting
their campaigns, the final assessment of default risk for each project is left to lenders, who
often lack investment experience (Perdana et al., 2023; Slimane & Rousseau, 2020) and do
not receive professional advisory services in the process (Darfleitner et al., 2023). Therefore,
crowdlending platforms have been advised to offer additional legal and financial services, as
well as project incubation. However, on occasion, lenders react to information asymmetry
with herding behaviour by imitating the behaviour of other investors (Caglayan et al., 2021;
Ho et al., 2024; Pierrakis, 2019).

3 THEORETICAL MODEL AND JUSTIFICATION OF PROPOSITIONS

3.1 The revised stimulus-organism-response (S-O-R) theory

S-O-R theory (Mehrabian & Russell, 1974) offers a basis to understand consumer behaviour.
This theory proposes that a stimulus (S) influences the internal affective evaluations of
individuals (O), which lead to responses (R) of action or avoidance. Thus, S-O-R theory
explains how perceptions of external environmental stimuli affect (i.e. activate or trigger)
cognitive processes, emotional reactions, and internal emotions, which then influence
behaviour. This theory emphasises the mediating role of the organism in the relationship
between stimulus and response (Ahmad & Zhang, 2020; Aw et al., 2024; Tran et al., 2024;
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Wu et al., 2023). Stimuli are physical or psychological factors that individuals perceive in the
external environment at a given time. The organism characterises an emotional or cognitive
state of the individual, reflecting the change in the individual in response to the stimuli. Thus,
S-O-R theory represents the internal structures and processes involved in the link between the
external stimulus and the resulting outcome, reaction, or response (Ahmad & Zhang, 2020;
Bigne et al., 2020; Jacoby, 2002; Lee et al., 2021; Li et al., 2024; Tran et al., 2024). The
response is the behavioural reaction of the individual to the stimulus as a result of that
individual’s learning (Li et al., 2024) or the desire to enter or leave a given environment by
embracing or avoiding it (Bigne et al., 2020). One of the main advantages of S-O-R theory is
its flexibility, which means that it is applicable to a wide range of stimuli and can synthesise
different perspectives of stimuli, organisms, and responses (Aw et al., 2024; Li et al., 2024;
Tran et al., 2024).

However, Jacoby (2002) identified limitations in the initial conceptualisation of S-O-R theory
because it does not explain how certain responses can be determined by both stimuli and
organisms and because it establishes a linear sequence that prevents the analysis of dynamic
relationships. Accordingly, given the traditional linear view of S-O-R theory, Jacoby
proposed that an evolutionary view would improve its ability to show, clarify, and explore the
behaviour of the complex interactions between its components (Bigne et al., 2020; Goyal et
al., 2022; Medina-Molina et al., 2025a). The revised S-O-R theory acknowledges processes as
complex, fluid, and dynamic instead of rigid and sequential. The revised theory thus
overcomes the linear vision of S-O-R theory, which limits its explanatory capacity (Han et al.,
2026; Lee et al., 2024). It thus allows for interplay between its components (Gouranis et al.,
2025; Jacoby, 2002), both constructs in the same dimension (Han et al., 2026) and constructs
from different dimensions (Lee et al., 2024). Therefore, it is considered a suitable framework
to understand the dynamics of consumer behaviour (Hameed et al., 2024; Unal et al., 2025).
Moreover, it is aligned with the views of scholars who advocate a configurational theorisation
that stresses that causality is characterised by causal conjunction, causal disjunction, outcome
asymmetry, and outcome intentionality (Campbell & Fiss, 2026).

Along with this alternative view, configural-cue theory explains that consumers only make
sense of interactions with the different features of the environment by subjectively classifying
them into configurations. Therefore, in configural-cue theory, both the context and the
idiosyncrasies of consumers (e.g. learned behaviours or experiences) condition the outcome
of the interactions of consumers with various cues from the service context (Gouranis et al.,
2025). S-O-R theory stresses the dynamic interaction between the external environment and
internal state of individuals. This feature is particularly relevant in the context of fintech
firms, where technological advances reshape perceptions or behaviours (Tran et al., 2024). S-
O-R theory has been used in both the crowdfunding context (Aw et al., 2024; Lee et al., 2021,
Li et al., 2024; Wu et al., 2023) and in relation to evaluating the impact of green consumer
values on consumer behaviour (Ahmad & Zhang, 2020).

3.2 Theoretical model

The variables that influence the performance of crowdlending campaigns include
communications via the platform, social networking, sustainability orientation, and loan
characteristics (Vasquez-Ordoiiez et al., 2023). Adapting this structure and drawing on
previous research (Ahmad & Zhang, 2020; Aw et al., 2024; Lee et al., 2021), this study
proposes an S-O-R theory-based model, in which information provided by the platform and
information shared on social media act as a stimulus, lenders’ experience and knowledge and
lenders’ green perceived value form the organism dimension, and the expected returns in
terms of expected interest rates are the response.
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Given that crowdlending platforms operate online, their business success depends on the trust
of their stakeholders, particularly lenders and borrowers. Thus, crowdlending platforms rely
on the effective dissemination of information to build trust, attract users, and reduce
information asymmetry (Ferrer et al., 2023; Jabeur et al., 2025; Ribeiro-Navarrete et al., 2022;
Wu et al., 2023). For instance, effective communication between the project creator and
lenders is crucial (Vasquez-Ordofiez et al., 2023) because one of the main concerns in
crowdlending is ensuring that all parties have robust, accurate, and timely information
(Ribeiro-Navarrete et al., 2022). Given that the main communication channel between actors
is the website where the project is hosted, creators are encouraged to take special care with
what information they present and how they present it (Vasquez-Ordoéiiez et al., 2023).

Social media sites help crowdlending platforms communicate their strategies, products, and
services to the market (Jabeur et al., 2025; Vasquez-Ordonez et al., 2023). The social media
activity of a crowdlending investment campaign is a critical performance factor given the
relevance of the interaction between founders and the crowd. Hence, crowdlending platform
managers are encouraged to include functionalities and links to social media sites on the
platform website (Ferrer et al., 2023; Vasquez-Ordoinez et al., 2023).

The conditions considered at the organism level cover three lender characteristics: investment
experience on the platform, financial knowledge, and green perceived value. Lenders’
experience is critical for both the decision to invest through crowdlending (Darfleitner et al.,
2023; Ritika & Khanna, 2025) and the choice of platform for this investment (Ferrer et al.,
2023). Crowdlending investors learn from their experiences, enabling them to overcome
information asymmetry and reduce adverse selection (Albort-Morant et al., 2025; Darfleitner
et al., 2023; Ritika & Khanna, 2025; Wu et al., 2023). Accordingly, lenders’ crowdlending
experience, measured as the number of years they have been operating on a crowdlending
platform, leads them to diversify their investment portfolio and engage in higher-risk projects
(Albort-Morant et al., 2025). From the opposite perspective, Penz et al. (2022) reported the
absence of differences between crowdlending investors on account of their experience.

Investors are rational agents that combine the objective and subjective information made
available in the market to rate the trustworthiness of borrowers (Caglayan et al., 2021).
Investing through crowdlending requires at least a basic level of financial literacy to evaluate
possible project investments (Darfleitner et al., 2023). Financial literacy refers to the
knowledge and understanding of financial concepts and the skills needed to take informed
decisions. It is known as digital financial literacy when it refers to digitally distributed
financial services (Bhat et al., 2025; Perdana, & Gultom, 2026). This knowledge can lead the
investor to resemble the ideal profile from the perspective of entrepreneurs (Haq & Soetanto,
2026). Investors with financial literacy participate selectively in crowdlending, choosing only
high-quality opportunities and avoiding impulsive behaviours (Perdana, & Gultom, 2026). In
crowdlending, personal factors such as crowdlending knowledge influence confidence and
engagement with these technologies (Perdana, & Gultom, 2026). Thus, investors who are
well-versed in crowdlending suffer less from inertia in their investments (Darfleitner et al.,
2023).

The more consumers know about the influence of their decisions on the environment, the
more likely they will be to tend towards environmentally friendly behaviours. One of the
determinants of success for crowdlending projects is to meet stakeholders’ sustainability-
related preferences (Martinez-Climent & Enri-Peir6, 2023). Crowdlending activates more
than just financial or economic motivations of investors, who value both the profits that the
project brings and its social and environmental benefits (Feng & Yuan, 2024; Vasquez-
Ordofiez et al., 2023). This affirmation is reflected by the fact that investors in sustainable
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finance are less sensitive to the financial performance of their investments (Cunha et al.,
2021; Vasquez-Ordoiiez et al., 2023). Accordingly, green perceived value is a consumer’s
evaluation of the benefit of a product or service depending on what it offers in terms of the
consumer’s sustainability-related expectations, needs, and desires. In fact, using a
crowdlending platform with a broad investor community ensures that borrowers secure
financing, provided the loan offers high returns and low risk or the business idea has a
positive impact on the planet or society (Ribeiro-Navarrete et al., 2025).

3.3 Justification of propositions

Studies have examined the existence of necessary conditions that explain crowdlending
behaviours. For example, scholars have found that it is crucial to strengthen communication
between the parties involved in crowdlending transactions (Martinez-Climent & Enri-Peiro,
2023). Likewise, studies have shown that the positive appraisal of measures taken by a
crowdlending platform to reduce the impact of Covid-19 on loan portfolios is a necessary
condition to increase trust in that platform (Ferrer et al., 2023). Conversely, scholars have not
identified necessary conditions when analysing the time taken to cover crowdlending
investments (Vasquez-Ordoniez et al., 2023), the reputation of crowdlending platforms (Jabeur
et al., 2025), or the percentage of personal equity invested in the crowdlending platform
(Martinez-Climent et al., 2021). Hence, the following propositions are posited:

Proposition 1. Some stimulus conditions (information given by the platform; information
shared on social media) or organism conditions (lenders’ experience and knowledge; green
perceived value) are necessary to expect high interest rates from crowdlending investments.

Proposition 2. Some stimulus conditions (information given by the platform; information
shared on social media) or organism conditions (lenders’ experience and knowledge; green
perceived value) are necessary not to expect high interest rates from crowdlending
investments.

Given that the conditions used in investment valuation interact (Nyilasy et al., 2025), different
conditions likewise interact in the terms that explain user perceptions of crowdlending
platforms. Indeed, a crowdfunding platform’s reputation emerges from different combinations
of conditions (Jabeur et al., 2025). For instance, Martinez-Climent et al. (2021) identified
different types of crowdlenders through the interactions between different conditions
associated with these lenders. Notable conditions include the role of effective communication
between borrowers and lenders under interaction with other conditions, including
sustainability orientation, in explaining crowdlending efficiency (Véasquez-Ordonez et al.,
2023). Likewise, scholars have confirmed that confidence in a crowdlending platform
emerges from the interaction of extensive experience using the platform and the positive
perception of communication actions, in association with different conditions (Ferrer et al.,
2023). Specifically, investor experience has been found to be positively associated with
greater crowdlending investment risk (Albort-Morant et al., 2025). Likewise, information
(stimulus) interacts with affect, confidence, and analysis (organism) of the crowdlending
platform by users (Lee et al., 2021). Therefore, the following propositions are posited:

Proposition 3. The combination of stimulus conditions (information given by the platform;
information shared on social media) and organism conditions (lenders’ experience and
knowledge; green perceived value) explain lenders’ expectations of high interest rates from
crowdlending investments.

Proposition 4. The combination of stimulus conditions (information given by the platform;
information shared on social media) and organism conditions (lenders’ experience and
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knowledge; green perceived value) explain lenders’ non-expectations of high interest rates
from crowdlending investments.

4 RESEARCH OBJECTIVE, METHODOLOGY, AND DATA

4.1 Research objective

The research objective of the present study is to identify the combination of factors that
explains the interest rates that lenders expect to receive from their crowdlending investments.
To achieve this objective, based on the revised S-O-R theory, the study examines the way in
which the components of the stimulus dimension (information from the platform and
perceived usefulness of social media communications) interact with those of the organism
dimension (experience, financial knowledge, and lenders’ green perceived value) in
generating a response (lenders’ expectations of interest rates).

4.2 Methodology

Qualitative comparative analysis (QCA) is a technique based on Boolean algebra and set
theory that accounts for causal complexity. Unlike variance-based approaches, which analyse
variables in isolation and focus on net effects, QCA explores complex, configurational, and
asymmetric relationships between conditions, which are analogous to independent variables,
and outcomes, which are analogous to dependent variables (Castello-Sirvent et al., 2025;
Costa-Climent et al., 2024; Huarng & Yu, 2026; Vazquez et al., 2025). Moreover, QCA
enables the identification of different combinations of causes that lead to a given outcome and
facilitates the interpretation of such findings in line with the theory (Liu et al., 2025; Micik &
Gangur, 2024). In addition to identifying necessary and sufficient conditions, QCA allows for
asymmetry, equifinality, and conjunctural causation. One of the basic tenets of complexity
theory is emergence, whereby the effects of combinations (configurations) of conditions can
be greater than those of the components of those conditions (Woodside et al., 2020).
Accordingly, QCA treats conditions as members of configurations, thereby enabling a better
understanding of the interactions between them (Chen & Chen, 2024).

The use of QCA is also justified by its close alignment with configural-cue theory. The neo-
configurational view in QCA entails a holistic approach whereby combinations of conditions
should be viewed as a whole. Accordingly, the influence of the components of a given
combination only emerges through their interaction (Medina-Molina et al., 2025b). In other
words, when a cause involves a combination of conditions, it is the simultaneous presence of
those conditions that produces the outcome (Ragin, 2014). Following a deductive logic and
given the qualitative nature of this study, the focal relationships analysed in this research are
presented in the form of propositions that reflect the causal recipes that can explain the
outcomes of interest (Park et al., 2020). Accordingly, QCA 1is applied from a neo-
configurational perspective that entails the conceptualisation and empirical analysis of
complex causality under set-theoretical logic (Medina-Molina et al., 2025b; Park et al., 2020).
The set-analytic approach in QCA treats each combination of conditions separately in the
truth table. They are then independently evaluated depending on their degree of consistency
with the outcome. Accordingly, different rows of the truth table constitute different
categories, or different kinds of cases or orchestration themes (Fiss et al., 2013; Furnari et al.,
2021; Ragin & Fiss, 2024).

Although QCA identifies relationships of necessity in kind, it does not quantitatively reflect
necessity in degree, referring to the extent to which a condition is necessary for the outcome
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to occur. In contrast, necessary condition analysis (NCA) identifies the degree to which a
condition is necessary for an outcome to attain a certain level (Dul et al., 2023). Therefore,
NCA is used in the present study to complement QCA and specify the impact of necessary
conditions (Chen & Chen, 2024). The combination of NCA and QCA is effective for
exploring outcomes by offering complementary perspectives (Chen & Chen, 2024; Rey-
Tienda et al., 2025).

4.3 Data

The fieldwork gathered data from a sample of lenders on the Colectual crowdlending
platform. It was conducted between 1 February and 17 February 2023, capturing 94 valid
responses. In total, 85% of respondents were men and 15% were women. Regarding the age
distribution, 1% of respondents were aged 18 to 25 years, 21% were aged 26 to 35 years, 32%
were aged 36 to 45 years, 29% were aged 46 to 55 years, and 17% were aged over 55. In
terms of education, 17% of the sample had secondary studies, 2% had vocational training,
70% had a bachelor’s degree, 4% had a master’s degree, and 7% had a PhD. Finally, 26% had
an average annual family income of 30,000€ or less, 31% earned 30,001€ to 50,000€, 32%
earned 50,001€ to 100,000€, and 11% earned 100,001€ to 300,000€. In sum, the sample
consisted mainly of men aged over 35 years with university studies and an income of more
than 30,000€.

The conditions and outcome were measured using the following questions: Knowledge (“Do
you think that your investment knowledge is . . . ?”); Profitability (“With current inflation
levels, what return [interest rate] would you expect from your crowdlending investment?”);
Experience (“How long have you been active on Colectual?”’); Information (“The information
given about projects is . . . ?”’); Green perceived value (“Do you think that the green economy
will affect development?”’); and Social media (“Do you find the information shared on social
media useful?”). Table 1 shows the scales used to measure the responses to these questions.
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Tab. 1 — Scales and calibration anchors for conditions and outcome. Source: own research

Frequency Percentage  Anchor

No knowledge 3 3.2% Exclusion
Basic 36 38.3%

Knowledge
Moderate 45 47.9% Crossover
Expert 10 10.6% Inclusion
1%—-3% 7 7.4% Exclusion
4%—6% 29 30.9%

Profitability 7%—8% 35 37.2% Crossover
9%—-10% 18 19.1%
> 10% 5 5.3% Inclusion
< 3 months 4 4.3% Exclusion
3—6 months 10 10.6%

Experience > 6 months; < | year 6 6.4%
> 1 year 66 70.2% Crossover
Since platform launch (2016) 8 8.5% Inclusion
1 0 0.0%
2 0 0.0%
3 1 1.1% Exclusion
4 2 2.1%

. 5 8 8.5%

Information
6 6 6.4%
7 17 18.1% Crossover
8 33 35.1%
9 18 19.1%
10 9 9.6% Inclusion
Completely disagree 0 0%

Green Disagree 3 3.2% Exclusion

perceived Neither agree nor disagree 17 18.1%

value Agree 54 57.4% Crossover
Completely agree 20 21.3% Inclusion
Completely disagree 1 1.1% Exclusion
Disagree 4 4.3%

Social . .

media Neither agree nor disagree 59 62.8% Crossover
Agree 24 25.5%
Completely agree 6 6.4% Inclusion
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5 RESULTS AND DISCUSSION

5.1 Preliminary analysis

Table 1 shows the distribution of responses for both the conditions and outcome. It also shows
the calibration anchors. For the calibration, the direct method was used, selecting the anchors
that enabled alignment of the calibration with the theoretical knowledge of the conditions and
outcome of interest (Oana et al., 2021). These anchors are the chosen values in which jumps
occur in the distribution of responses. To avoid ambiguous cases, 0.01 was added to cases
with a membership of 0.5 in Knowledge, Profitability, Experience, and Green perceived
value, and 0.01 was subtracted from ambiguous cases for Information and Social media. The
use of these anchors avoided problems of skewness, such that all conditions (Knowledge =
58.51%, Experience = 78.72%, Information = 63.83%, Green perceived value = 78.72%,
Social media = 31.91%) and the outcome (Profitability = 61.7%) passed the skewness check.

To evaluate the suitability of QCA for this study, a contrarian case analysis was conducted.
After generating the quintiles, the degree of association between the conditions and the
outcome was assessed (Pappas & Woodside, 2021). Table 2 shows that a technique based on
principal effects would leave numerous cases out of the analysis.
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Tab. 2 — Contrarian case analysis. Source: own research

Profitability
1 2 3 4 5

1 1(1.1%) 22.1%) 0 (0.0%) 0(0.0%) 0(0.0%)

2 5(53%) 12(12.8%) 14 (14.9%) 0(0.0%) 5(5.3%)
Knowledge! 3 0(0.0%) 0(0.0%) 0 (0.0%) 0 (0.0%) 0 (0.0%)

4 1.1%) 15(16.0%) 16(17.0%) 0(0.0%) 13 (13.8%)

5 0(0.0%) 0(0.0%) 5(5.3%) 0(0.0%) 5 (5.3%)

1 22.1%) 5(5.3%) 8 (8.5%) 0(0.0%) 5(5.3%)

2 0(0.0%) 0(0.0%) 0 (0.0%) 0 (0.0%) 0 (0.0%)
Experience’ 3 5(5.3%) 20(21.3%) 23(24.5%) 0(0.0%) 18 (19.1%)

4 0(0.0%) 0(0.0%) 0 (0.0%) 0 (0.0%) 0 (0.0%)

5 0(0.0%) 4(4.3%) 4 (4.3%) 0(0.0%) 0(0.0%)

1 0(0.0%) 5(53%) 4 (4.3%) 0(0.0%) 8 (8.5%)

2 3B2%) 7(7.4%) 4 (4.3%) 0(0.0%) 3(3.2%)
Information? 3 22.1%) 10(10.6%) 16(17.0%) 0(0.0%) 5 (5.3%)

4 0(0.0%) 01(0.0%) 0 (0.0%) 0(0.0%) 0(0.0%)

5 221%) 7(7.4%) 11 (11.7%) 0(0.0%) 7 (7.4%)

1 22.1%) 3(3.2%) 6 (6.4%) 0 (0.0%) 9 (9.6%)

2 0(0.0%) 0(0.0%) 0 (0.0%) 0 (0.0%) 0 (0.0%)
Green perceived value* 3 3(B2%) 19(20.2%) 22(23.4%) 0(0.0%) 10 (10.6%)

4 0(0.0%) 0(0.0%) 0 (0.0%) 0 (0.0%) 0 (0.0%)

5 2QR2.1%) 7(7.4%) 7 (7.4%) 0(0.0%) 4 (4.3%)

1 1(1.1%) 1(1.1%) 1 (1.1%) 0(0.0%) 2(2.1%)

2 3(3.2%) 19(20.2%) 21(22.3%) 0(0.0%) 16(17.0%)
Social media’ 3 0(0.0%) 0(0.0%) 0 (0.0%) 0(0.0%) 0 (0.0%)

4 0(0.0%) 0(0.0%) 0 (0.0%) 0(0.0%) 0 (0.0%)

5 332%) 9(9.6%) 13 (13.8%) 0(0.0%) 5(5.3%)

'Phi = 0.445 (0.029), Cramer’s V = 0.257 (0.029), Kendall’s Tau-c = 0.282 (< 0.001), Gamma =

0.484 (< .001)

2Phi = 0.222 (0.594), Cramer’s V = 0.157 (0.594), Kendall’s Tau-c = -0.050 (0.491), Gamma = -

0.104 (0.491)

3 Phi = 0.222 (0.185), Cramer’s V = 0.211 (0.185), Kendall’s Tau-c = -0.016 (0.856), Gamma = -

0.024 (0.856)

* Phi = 0.284 (0.273), Cramer’s V = 0.200 (0.273), Kendall’s Tau-c = -0.148 (0.116), Gamma = -

0.237 (0.116)

>Phi = 0.210 (0.657), Cramer’s V = 0.148 (0.657), Kendall’s Tau-c = -0.067 (0.434), Gamma = -

0.126 (0.434)
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5.2 Identification of necessary conditions using QCA

The first step of the QCA was to identify the necessary conditions in kind. Table 3 shows that
none of the conditions reached the required threshold to be considered necessary. The
existence of necessary supersubsets was assessed, with two possibilities emerging:
~Profitability: ~Knowledge + ~Green perceived value (consistency = 0.907, RoN = 0.625,
coverage = 0.721) and ~Knowledge + Social media (consistency = 0.920, RoN = 0.622,
coverage = 0.726). Neither had theoretical support, so they were not considered necessary
supersubsets.

Tab. 3 — Identification of necessary conditions for the outcomes of Profitability/~Profitability.

Source: own research

Consistency  Coverage RoN
Knowledge 0.712/0.542  0.782/0.708 0.866/0.828
Experience 0.704/0.679 0.682/0.783 0.780/0.838
Information 0.809/0.817 0.575/0.691 0.566/0.643
Green 0.726/0.747 0.627/0.767 0.704/0.792
Social media  0.815/0.806 0.635/0.748 0.660/0.737
~Knowledge  0.734/0.833 0.574/0.775 0.625/0.760
~Experience  0.776/0.725 0.670/0.744 0.730/0.777
~Information  0.565/0.497 0.722/0.756 0.866/0.880
~ Green 0.730/0.636  0.708/0.734 0.794/0.809
~Social media 0.677/0.607 0.746/0.796 0.848/0.874

Note. RoN = relevance of necessity.

5.3 Identification of necessary conditions using NCA

To complement the analysis of necessary conditions in kind, necessary conditions in degree
were studied using NCA. The conditions and outcome had a limited number of values, so the
ce fdh ceiling line was chosen. Knowledge was a necessary condition in degree for
Profitability, with a medium effect in both Corner 1 (effect size = 0.177, p value = 0.003) and
Corner 4 (effect size = 0.250, p value = 0.005), as shown in Table 4 (Dul et al., 2023).
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Tab. 4 — Effect sizes (ce fdh, p). Source: own research

Corner 1 Corner 2 Corner 3 Corner 4
Knowledge  0.177 (0.003)* 0.000 (1.000) 0.000 (1.000) 0.250 (0.005)*
Experience 0.038 (0.496) 0.239(0.093) 0.011 (0.731) 0.071 (0.523)
Information ~ 0.008 (0.943) 0.000 (1.000) 0.110(0.139) 0.000 (1.000)
Green 0.021 (0.841)  0.000 (1.000) 0.074 (0.360) 0.000 (1.000)

Social media

0.144 (0.440)

0.021 (0.722)

0.000 (1.000)

0.021 (0.620)

Note. * p value < 0.05.

Table 5 shows the scatter plots corresponding to the necessary conditions in degree.

Tab. 5 — Scatter plot for Knowledge—Profitability. Source: own research
Cornerl Corner4
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5.4 Identification of sufficient conditions using QCA

To identify sufficient conditions, a truth table was generated, requiring a consistency of 0.9
and three cases per configuration. To present the results, following the indications of Fiss et
al. (2013), the parsimonious and intermediate solutions were calculated to identify core and
peripheral conditions. Core conditions are those that appear in both the intermediate and
parsimonious solutions. They exert a greater causal force on the outcome given that they
appear in the solution regardless of the treatment of logical remainders. Peripheral conditions
are those that appear only in the intermediate solution but not in the parsimonious solution.
Their weaker causal strength results from the fact that these conditions may disappear from
the terms of the solution when certain logical remainders are included (Alvarez-Salazar &
Bernal-Perez, 2025; Pappas & Woodside, 2021; Romero-Castro & Miramontes-Viiia, 2025).

The intermediate solution Profitability was
Knowledge*Experience*~Information*~Social media +
Knowledge*Information*~Green*~Social media. This solution had acceptable parameters
(consistency = 0.896, PRI = 0.661, coverage = 0.546) and consisted of two terms. This
solution can be simplified as Knowledge*~Social media*(Experience*~ Information +
Information*~Green).

for
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Table 6 shows that Knowledge and the two conditions linked to the dissemination of
information are core conditions. The absence of positive green perceived value acts as a core
condition in the second term.

Tab. 6 — Intermediate solution for the outcome Profitability. Source: own research

Term Consistency PRI Coverage Unique
coverage
Knowledge*Experience*~Information*~Social media 0.899 0.564 0.378 0.071
Knowledge*Information*~Green*~Social media 0.902 0.658  0.475 0.168
Model 0.896 0.661  0.546 -

Note. Core conditions in bold.

The intermediate solution for the outcome ~Profitability was ~Knowledge*Experience*Green
+ ~Knowledge*Information*Green +  Experience*Information*Green*Social media,
consisting of three terms and optimal parameters (consistency = 0.881, PRI = 0.713, coverage
= 0.682). The solution can be simplified as Green*(~Knowledge*Experience +
~Knowledge*Information + Experience*Information*Social media).

Table 7 shows that not having a high level of knowledge is the only core condition in the first
two terms of the solution for not expecting high interest rates. Meanwhile, a positive score for
the conditions linked to information dissemination is a core condition in the third term.
Comparing the coverage of the two solutions shows that the chosen conditions are more
effective in explaining not expecting a high interest rate from crowdlending investments.

Tab. 7 — Intermediate solution for the outcome ~Profitability. Source: own research
Consistency PRI Coverage Unique

coverage
~Knowledge*Experience*Green 0.915 0.771  0.566 0.047
~Knowledge*Information*Green 0.906 0.760  0.607 0.089
Experience*Information*Green*Social media 0.911 0.733  0.540 0.027

Model 0.881 0.713  0.682

Note. Core conditions in bold.

To test the robustness of these results, the robustness test proposed by Oana et al. (2021) was
used (Medina-Molina et al., 2025c; Meissner & Mello, 2022; Mitzinneck et al., 2024).
Robustness tests are recommended when large-N QCA samples are used (i.e. more than 50
cases) and there is a lack of intimate knowledge of these cases. Robustness testing is an
increasingly important part of the analytical process in QCA (Elgin et al., 2024; Oana et al.,
2021). First, a test set was created consisting of three solutions in which the initial parameters
were combined with the solutions given by reducing the consistency to 0.85 and the number
of cases to 2 per configuration. Fit-oriented robustness examines how the combinations of
altered parameters affect the initial solution (Standaert et al., 2025). Optimal fit oriented
results were observed for Profitability (RF cov = 1, RF cons = 1, RF SC minTS = 1,
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RF SC maxTS = 0.852) and ~Profitability (RF cov = 0.988, RF cons = 0.990,
RF _SC minTS = 1, RF_SC maxTS = 0.982). The case oriented results were also high for
Profitability (RCR typ = 0.773, RCR _dev = 0.500, RCC _Rank = 2) and ~Profitability
(RCR_typ = 0.778, RCR_dev = 0.621, RCC Rank = 2). The robustness of the intermediate
solutions was thus confirmed.

To help interpret the intermediate solutions, they were presented in the form of radar charts
(Table 8) using the method developed by Meuer et al. (2015). Although this method was
developed to visualise QCA configurations in small-sample studies, Oana et al. (2021)
reported that this tool is especially useful when the aim is to analyse different profiles
(Medina-Molina et al., 2025d).

Tab. 8 — Radar charts. Source: own research
Profitability ~Profitability
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Although it was difficult to identify profiles for the explanation of expecting a high interest
rate, it was possible to identify profiles for the explanation of not expecting a high interest
rate. In this explanation, two of the terms contain both the positive assessment of the
information provided and positive green perceived value. This second condition is also
present in the third term.
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5.5 Discussion

The first stage of the analysis consisted of identifying the necessary conditions. No necessary
condition in kind was found for either expecting or not expecting a high interest rate from
crowdlending. These results are consistent with those of crowdlending studies that have not
reported necessary conditions (Martinez-Climent et al., 2021; Véasquez-Ordoiez et al., 2023).
However, the analysis of necessary conditions in degree showed that knowledge entails a
twofold limitation regarding the expected interest rate from crowdlending. First, to expect a
high interest rate, lenders’ knowledge must also be high. Second, for a low expected interest
rate, lenders’ knowledge must also be low. These results are aligned with those showing that
financial knowledge is necessary to take informed investment decisions (Bhat et al., 2025)
and that lenders with financial knowledge suffer less from investment inertia (Darfleitner et
al., 2023). Based on these findings, Propositions 1 and 2 are accepted.

The analysis of sufficient conditions to explain the expectation of a high interest rate reveals a
two-term solution. Both terms contain the combination of the conditions of having a high
level of financial knowledge and not considering information shared by the platform on social
media to be useful. These results are consistent with studies showing that a high level of
knowledge leads to the expectation of a high interest rate, whereas a low level of knowledge
leads to the expectation of a low interest rate (Caglayan et al., 2021). Therefore, even though
social media activity is considered a key factor of crowdlending campaign performance
(Ferrer et al., 2023; Vasquez-Ordonez et al., 2023), it is not a key factor for lenders to expect
to receive a high interest rate. The first term also contains the conditions of extensive
investment experience and of not considering crowdlending project information provided by
the platform to be useful. Accordingly, this term refers to lenders who have financial
knowledge and experience but who also do not consider the information provided by the
platform to be useful. This idea is aligned with the work of scholars who have reported that
crowdlending knowledge can emerge from lenders’ accumulated experience (Perdana &
Gultom, 2026). The second term includes a positive view of the project information provided
by the platform together with low green perceived value. These two terms therefore reflect the
interaction of elements at the stimulus and organism levels, leading to the acceptance of
Proposition 3.

The explanation of not expecting a high interest rate from crowdlending consists of three
terms that all share high green perceived value. These results are aligned with the established
finding that environmentally aware consumers pay more for the products they buy (Ahmad &
Zhang, 2020) and that sustainable investors are less sensitive to the financial performance of
their investments (Cunha et al., 2021; Vasquez-Ordofiez et al., 2023). Thus, the findings show
that investors are able to weigh the financial returns against the environmental impact of
projects (Ribeiro-Navarrete et al., 2025). Likewise, two of the terms share the condition of not
having a high level of financial knowledge, combined with either investment experience or a
positive view of the project information provided by the platform. These results imply that
crowdlending investors can improve their financial skills as they gain experience with these
platforms (Darfleitner et al., 2023). Investors’ positive ratings of the information provided by
the platform and communications via social media are conditions that are included in the
explanation of not expecting a high interest rate. Accordingly, in these cases, it seems that
lenders are meeting their intrinsic needs, which may be linked to the environment. Lenders
reflected by the third term are experienced investors with a positive view of both project
information provided by the platform and information shared on social media. Excluding the
condition linked to green perceived value from this third term would give the configuration
found by Ferrer et al. (2023) explaining confidence in a given crowdlending platform.
Likewise, experienced investors’ expectations of a low interest rate may be aligned with the
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affirmation that herding behaviour is most prevalent amongst this kind of investor (Caglayan
et al., 2021). Accordingly, only one of the terms explaining the non-expectation of a high
interest rate consists exclusively of organism-level elements. However, given that the unique
coverage of this term is low, Proposition 4 may be accepted. Identifying the explanatory
conditions for investors not to seek a high interest rate is an opportunity for crowdlending
platforms to achieve competitiveness because it can translate into lower costs for borrowers.

These results highlight the role of lenders’ financial knowledge from certain perspectives.
First, it is a necessary condition in degree for both a high and low expected interest rate.
Second, this condition appears in most of the terms that explain the expected interest rate. It is
present for the presence of a high expected interest rate and absent for the absence of a high
expected interest rate. Third, in most cases, it appears as a core condition, thereby indicating a
strong causal relationship with the outcomes examined in this study. Likewise, the behaviour
of the information-related conditions is worthy of study. When both conditions appear in a
given term, with a high value or the negation of a high value, they constitute the core
condition of the explanation of the opposite outcome. This behaviour may reflect emergence,
a core tenet of QCA, or may indicate that the conjoint effect of the conditions is greater than
their corresponding isolated effects.

6 CONCLUSION

6.1 General conclusions

Despite the acknowledged advantages of crowdlending, the volume of crowdlending
transactions has stagnated following strong initial growth (Perdana & Gultom, 2026).
Therefore, it is important to identify the factors that make crowdlending platforms attractive
to their users (Jabeur et al., 2025; Ribeiro-Navarrete et al., 2021; Ribeiro-Navarrete et al.,
2022; Slimane & Rousseau, 2020; Wang et al., 2021). This study aimed to identify the
combinations of factors that explain the interest rate expected by crowdlending investors. The
results confirm that the interactions between organism- and stimulus-level elements explain
both the expectation of a high interest rate from crowdlending and the lack of such an
expectation. In the case of the expectation of a high interest rate, the omnipresent conditions
are having a high level of financial knowledge (organism) and having a poor view of
communications shared by the crowdlending platform on social media (stimulus). Meanwhile,
the explanation of not expecting a high interest rate always includes high green perceived
value. Thus, by explaining lender behaviour, this study offers crowdlending platforms a way
to attract potential lenders (Albort-Morant et al., 2025; Caglayan et al., 2021; Nyilasy et al.,
2025).

6.2 Contributions

Regarding its theoretical contributions, this study shows the suitability of using the revised S-
O-R theory together with configural-cue theory in the study of crowdlending. Most terms that
explain the expectation, or lack thereof, of a high interest rate involve the interaction between
stimulus- and organism-level characteristics. Likewise, the study shows the fundamental role
of two of the organism-level conditions. First, knowledge plays a key role. A high level of
financial knowledge is included in the terms that explain the expectation of a high level of
interest, whereas not having a high level of financial knowledge is present in most of the
terms that explain not expecting a high interest rate from crowdlending. Second, the results
show that high green perceived value is included in the terms that explain not expecting a
high interest rate. Accordingly, applying the revised S-O-R theory enabled analysis of the
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interactions between conditions in different S-O-R dimensions, as well as between conditions
in the same dimension. This approach also enabled observation of how only conditions in the
organism dimension can explain the response. Conversely, in the present study, the response
is not observed to be explained by conditions found exclusively in the stimulus dimension.

Regarding methodological contributions, the study confirms that the neo-configurational
approach is aligned with configural-cue theory and the revised S-O-R theory. Accordingly,
the configurations that make up the terms explaining the outcomes examined in this study
should be considered as a whole. For instance, a notable role is played by green perceived
value, which, in the case of the explanation of not expecting a high interest rate, is linked to
experience in two of the solution terms. Thus, experienced and knowledgeable lenders expect
high interest rates, although, if the project has a high green perceived value, they expect low
interest rates. This behaviour is aligned with emergence.

Regarding managerial contributions, the study provides crowdlending platform managers, as
well as borrowers, with a description of the combinations of conditions that explain the
interest rates expected by lenders. If a platform has a user base of lenders with a high level of
knowledge, it must be prepared for these lenders to expect a high level of interest from the
projects hosted on the platform. Managers must also be aware of the negative impact that this
high interest rate can have given its links to a higher risk of default, as well as the
implications for their competitiveness. However, one potential approach is to focus on lenders
with high green perceived value, who value other kinds of intrinsic motivations, given that
these lenders expect lower interest rates. Likewise, because these lenders have a positive view
of both the information provided by the platform and information shared on social media, the
platform could potentially reach these lenders using different communication tools. Moreover,
given that a lower interest rate may be linked to lower project risk, herding behaviour and a
pull effect on other lenders may occur.

6.3 Limitations and future lines of research

The main limitation of this study is that it is based on data collected from a single
crowdlending platform. These data form a sample with a very distinct investor profile.
Likewise, it would be of interest to perform analysis using a sample with greater female
representation. Similarly, although this study identifies the conditions that explain the
expected interest rate by lenders, it would be of interest to establish the relevance of this
interest rate versus other conditions such as the implicit risk of the project. Finally, it could
prove valuable to study the impact of herding behaviour on the expected interest rate from
crowdlending.

References

1.  Adhami, S., Gianfrate, G., & Johan, S. (2023). Risk and return in crowdlending.
FEurasian Business Review, 13, 309-340. https://doi.org/10.1007/s40821-022-00236-x

2. Ahmad, W., & Zhang, Q. (2020). Green purchase intention: Effects of electronic
service quality and consumer green psychology. Journal of Cleaner Production, 267,
122053. https://doi.org/10.1016/j.jclepro.2020.122053

3. Albort-Morant, G., Berenger, E., Sanchis-Pedregosa, C., & Moreno-Moreno, A.
(2025). The Influence of Investor Experience on Investment Intensity and Risk

Assumption in Crowdlending: An Empirical Study. Journal of Business, 16(1), 155-
176. https://doi.org/10.21678/jb.2025.2413

https://doi.org/10.7441/j0c.2026.02.08

225


https://doi.org/10.1007/s40821-022-00236-x
https://doi.org/10.1016/j.jclepro.2020.122053
https://doi.org/10.21678/jb.2025.2413

= Journal of Competitiveness

10.

11.

12.

13.

14.

15.

16.

Alvarez-Salazar, J. R., & Bernal-Perez, P. M. (2025). Qualitative comparative
analysis of the personal traits of managers, scientists, and innovators in corporate
science.  Journal  of  Innovation &  Knowledge,  10(1), 100652.
https://10.1016/].jik.2025.100652

Anderloni, L., Petukhina, A., & Tanda, A. (2025). Peer-to-peer lending: Exploring
borrowers’ motivations and expectations. Journal of Small Business Management,
63(5), 2255-2287. https://doi.org/10.1080/00472778.2024.2431232

Aw, E. C.-X., Thomas, S., Patel, R., Bhatt, V., & Cham, T.-H. (2024). Click to
contribute: understanding donation behaviour and well-being in donation-based
crowdfunding mobile apps. International Journal of Bank Marketing, 42(7), 1835-
1866. https://doi.org/10.1108/1JBM-11-2023-0635

Bhat, S. A., Lone, V. M., SivaKumar, A. K., & Krishna, U. M. G. (2025). Digital
financial literacy and financial well-being-evidence from India. International Journal
of Bank Marketing, 43(3), 522-548. https://doi.org/10.1108/1JBM-05-2024-0320

Bigne, E., Chatzipanagiotou, K., & Ruiz, C. (2020). Pictorial content, sequence of
conflicting online reviews and consumer decision-making: The stimulus-organism-
response model revisited. Journal of Business Research, 115, 403-416.
https://doi.org/10.1016/].jbusres.2019.11.031

Caglayan, M., Talavera, O., & Zhang, W. (2021). Herding behaviour in lending
markets. Journal of Empirical Finance, 63, 27-41.
https://doi.org/10.1016/j.jempfin.2021.05.005

Campbell, J. T., & Fiss, P. C. (2026). Tackling the Complexity Challenge: When and
How to Engage in Configurational and Hybrid Theorizing. Academy of Management
Review, In-Press, https://doi.org/10.5465/amr.2024.0187

Castello-Sirvent, F., Santos-Rojo, C., & Garcia-Garcia, J. M. (2025). National
innovation beyond linear models: An exploratory QCA of asymmetric pathways to
successful and failure-bound innovation strategies of EU economies post-Covid-19.
Journal of Innovation & Knowledge, 10(6), 100810.
https://10.1016/j.jik.2025.100810

Chen, Y., & Chen, Z. (2024). Can e-government online services offer enhanced
governance support? A national-level analysis based on fsSQCA and NCA. Journal of
Innovation & Knowledge, 9, 100526. https://doi.org/10.1016/].jik.2024.100526

Costa-Climent, R., Navarrete, S. R., Haftor, D. M., & Staniewski, M. V. (2024).
Value creation and appropriation from the use of machine learning: a study of start-

ups using fuzzy-set qualitative comparative analysis. Int Entrep Manag J, 20, 935—
967. https://doi.org/10.1007/s11365-023-00922-w

Cunha, F. A. F. d. S., Meira, E., & Orsato, R. J. (2021). Sustainable finance and
investment: Review and research agenda. Business Strategy and the Environment,
30, 3821-3838. https://doi.org/10.1002/bse.2842

Darfleitner, G., Horno, L., & Weber, M. (2023). Paralyzed by shock: The portfolio
formation behavior of peer-to-peer business lending investors. Review of Managerial
Science, 17, 1037-1073. https://doi.org/10.1007/s11846-022-00544-6

Del Sarto, N. (2025). Exploring peer-to-peer lending: key influences of firm
uncertainty, loan features and venture quality. International Journal of Bank
Marketing, 43(3), 591-614. https://doi.org/10.1108/1JBM-04-2024-0239

https://doi.org/10.7441/j0c.2026.02.08

226


about:blank
https://doi.org/10.1080/00472778.2024.2431232
https://doi.org/10.1108/IJBM-11-2023-0635
https://doi.org/10.1108/IJBM-05-2024-0320
https://doi.org/10.1016/j.jbusres.2019.11.031
https://doi.org/10.1016/j.jempfin.2021.05.005
https://journals.aom.org/doi/abs/10.5465/amr.2024.0187?journalCode=amr
https://journals.aom.org/doi/abs/10.5465/amr.2024.0187?journalCode=amr
https://journals.aom.org/doi/full/10.5465/amr.2024.0187
https://journals.aom.org/doi/full/10.5465/amr.2024.0187
https://journals.aom.org/journal/amr
https://journals.aom.org/journal/amr
https://journals.aom.org/toc/amr/0/ja
https://doi.org/10.5465/amr.2024.0187
about:blank
https://doi.org/10.1016/j.jik.2024.100526
https://link.springer.com/article/10.1007/s11365-023-00922-w#auth-Marcin_W_-Staniewski-Aff2
https://doi.org/10.1007/s11365-023-00922-w
https://doi.org/10.1002/bse.2842
https://doi.org/10.1007/s11846-022-00544-6
https://doi.org/10.1108/IJBM-04-2024-0239

= Journal of Competitiveness

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

Doémétor, B., Illés, F., & Olvedi, T. (2023). Peer-to-peer lending: Legal loan sharing
or altruistic investment? Analyzing platform investments from a credit risk

perspective. Journal of International Financial Markets, Institutions & Money, 86,
101801. https://doi.org/10.1016/j.intfin.2023.101801

Dul, J., Hauff, S. & Bouncken, R. B. (2023). Necessary condition analysis (NCA):
review of research topics and guidelines for good practice. Rev Manag Sci, 17, 683—
714. https://doi.org/10.1007/s11846-023-00628-x

Elgin, D. J., Erickson, E., Crews, M., Kahwati, L. C., & Kane, H. L. (2024).
Applying qualitative comparative analysis in large-N studies: a scoping review of

good practices before, during, and after the analytic moment. Qual Quant, 58, 4241—
4256. https://doi.org/10.1007/s11135-024-01849-2

Feng, J., & Yuan, Y. (2024). Green investors and corporate ESG performance:
Evidence  from  China. Finance  Research  Letters, 60, 104892.
https://doi.org/10.1016/].1r1.2023.104892

Ferrer, J. M., Ulrich, K., Blanco-Gonzalez-Tejero, C., & Cano-Marin, E. (2023).
Investors™ confidence in the crowdlending platforms and the impact of Covid-19.
Journal of Business Research, 155, 113433.
https://doi.org/10.1016/].jbusres.2022.113433

Fiss, P. C., Marx, A., & Cambré, B. (2013). Configurational theory and methods in
organizational research: Introduction. Emerald Group Publishing Limited.
https://doi.org/10.1108/S0733-558X(2013)0000038005

Furnari, S., Crilly, D., Misangyi, V. F., Greckhamer, T., Fiss, P. C., & Aguilera, R.
V. (2021). Capturing causal complexity: Heuristics for configurational theorizing.
Academy of Management Review, 46(4), 778-799.
https://doi.org/10.5465/amr.2019.0298

Ghasemi, E., Vafai, N., & Sheikh-Zadeh, A. (2024). Overcharged or fair play?
Exploring interest rates and profitability in debt-based crowdfunding. Journal of
Business Venturing Insights, 22, ¢00508. https://doi.org/10.1016/j.jbvi.2024.e00508

Gouranis, S., Chatzipanagiotou, K., Karantinov, K., & Kobites, C. D. (2025).
Revisiting the effects of tourism and hospitality servicescapes on customers: A

complexity approach. Tourism Management, 107, 105068.
https://doi.org/10.1016/j.tourman.2024.105068

Goyal, S., Chauchan, S., & Gupta, P. (2022). Users" response toward online doctor
consultation platforms: SOR approach. Management Decision, 60(7), 1990-2018.
https://doi.org/10.1108/MD-02-2

Hameed, 1., Zainab, B., Akram, U., Ying, W. J., Xing, C. C., & Khan, K. (2024).
Decoding willingness to buy in live-streaming retail: The application of stimulus
organism response model using PLS-SEM and SEM-ANN. Journal of Retailing and
Consumer Services, 84, 104236. https://doi.org/10.1016/j.jretconser.2025.104236

Han, Z., Meng, Y., & Zhang, H. (2026). Decoding the drivers of consumer
engagement and purchase intention in live streaming by foreign ambassadors: A two-
phased SEM-ANN approach. Journal of Retailing and Consumer Services, 91,
104741. https://doi.org/10.1016/j.jretconser.2026.104741

https://doi.org/10.7441/j0c.2026.02.08

227


https://doi.org/10.1016/j.intfin.2023.101801
https://doi.org/10.1007/s11846-023-00628-x
https://doi.org/10.1007/s11135-024-01849-2
https://doi.org/10.1016/j.frl.2023.104892
https://doi.org/10.1016/j.jbusres.2022.113433
https://doi.org/10.1108/S0733-558X(2013)0000038005
https://doi.org/10.5465/amr.2019.0298
https://doi.org/10.1016/j.jbvi.2024.e00508
https://doi.org/10.1016/j.tourman.2024.105068
https://doi.org/10.1108/MD-02-2021-0268
https://doi.org/10.1016/j.jretconser.2025.104236
https://doi.org/10.1016/j.jretconser.2026.104741

= Journal of Competitiveness

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

Hagq, 1., & Soetanto, D. (2026). Reframing the ideal investor through entrepreneurial
experience. Management Decision, 64(13), 17-41. https://doi.org/10.1108/MD-08-
2024-1957

Ho, K.-C., Gu, Y., Yan, C., & Gorgor, G. (2024). Peer effects in the online peer-to-
peer lending market: Ex-ante selection and ex-post learning. International Review of
Financial Analysis, 92, 103056. https://doi.org/10.1016/].irfa.2023.103056

Huarng, K.-H., & Yu, T. H.-K. (2026). A configurational study of innovation in the
business economic field. Journal of Innovation & Knowledge, 12, 100883.
https://doi.org/10.1016/].jik.2025.100883

Jabeur, S. B., Slimane, F. B., Asli, M. H., & Mefthe-Wali, S. (2025). Crowdlending
platforms: reputation on the line. Int Entrep Manag J, 21(60),
https://doi.org/10.1007/s11365-025-01070-z

Jacoby, J. (2002). Stimulus-Organism-Response Reconsidered: An Evolutionary
Step in Modelling (Consumer) Behavior. Journal of Consumer Psychology, 12(1),
51-57. https://doi.org/10.1207/S15327663JCP1201_05

Lee, Y., Coyle, J. R., & Chen, A. N. K. (2021). Improving intention to back projects
with effective designs of progress presentation in crowdfunding campaigns sites.
Decision Support Systems, 147, 113573. https://doi.org/10.1016/].dss.2021.113573
Lee, C. K. H,, Tse, Y. K., Leung, E. K. H., & Wang, Y. (2024). Causal recipes of
customer loyalty in a sharing economy: Integrating social media analytics and
fsQCA. Journal of Business Research, 181, 114747.
https://doi.org/10.1016/].jbusres.2024.114747

Li, W., Yang, D, & Sun, Y. (2024). Influence mechanism of charitable
crowdfunding context on individual donation intention: BASED on the SOR
framework. Journal of Decision Systems, 33(1), 106-129.
https://doi.org/10.1080/12460125.2022.2140908

Liu, Q., Zhang, Y., & Sun, X. (2025). Digital innovation ecosystems and regional
green technological innovation: Evidence from China's panel-QCA analysis. Journal
of Innovation & Knowledge, 10(5), 100789. https://10.1016/].jik.2025.100789

Martinez-Climent, C., & Enri-Peiro, S. (2023). Crowd-Based Financing Tools for
Entrepreneurs: A Guide for Effective Crowdfunding. In: Sendra-Pons, P., Garzon,
D., Revilla-Camacho, MA. (eds) New Frontiers in Entrepreneurial Fundraising.
Contributions to  Finance and Accounting, 23-38. Springer, Cham.

https://doi.org/10.1007/978-3-031-33994-3 3

Martinez-Climent, C., Guijarro-Garcia, M., & Carrilero-Castillo, A. (2021). The
motivations of crowdlending investors in Spain. Journal of Entrepreneurial
Behaviour & Research, 27(2), 452-469. https://doi.org/10.1108/IJEBR-05-2020-
0304

Medina-Molina, C., Pérez-Macias, N., & Lopez-Sanz, M. E. (2025a). Why Do We
Understand Emergency Messages—or Not? Identifying Their Explanatory
Conditions Using csQCA. JOINETECH, 1(1), 41-54.
https://doi.org/10.65479/joinetech.17

Medina-Molina, C., Pérez-Macias, N., & Rey-Tienda, S. (2025b). Configurational
Theorizing and Multiple Theories in the Pursuit of Theoretical Advancement: A

https://doi.org/10.7441/j0c.2026.02.08

228


https://doi.org/10.1108/MD-08-2024-1957
https://doi.org/10.1108/MD-08-2024-1957
https://doi.org/10.1016/j.irfa.2023.103056
https://doi.org/10.1016/j.jik.2025.100883
https://doi.org/10.1007/s11365-025-01070-z
https://doi.org/10.1207/S15327663JCP1201_05
https://doi.org/10.1016/j.dss.2021.113573
https://doi.org/10.1016/j.jbusres.2024.114747
https://doi.org/10.1080/12460125.2022.2140908
about:blank
https://doi.org/10.1007/978-3-031-33994-3_3
https://doi.org/10.1108/IJEBR-05-2020-0304
https://doi.org/10.1108/IJEBR-05-2020-0304
https://doi.org/10.65479/joinetech.17

= Journal of Competitiveness

42.

43.

44,

45.

46.

47.

48.

49.

50.

51.

52.

53.

Systematic Review. JOINETECH, 1(2), 110-118.
https://doi.org/10.65479/joinetech.11

Medina-Molina, C., Pérez-Macias, N., Rey-Tienda, S., & Lopez-Sanz, M. E.
(2025c¢). Do ethical issues influence the interest of young people in using artificial
intelligence? An integrated application of qualitative comparative analysis.

Sustainable Technology and Entrepreneurship, 4(3), 100108.
https://doi.org/10.1016/].stae.2025.100108

Medina-Molina, C., Pérez-Macias, N., & Rey-Tienda, S. (2025d). Interested in
interacting with digital signage? Analysing the relevance of smartphone

psychological ownership through an integrated qualitative comparative analysis.
ESIC Market, 56(3), e421. https://doi.org/10.7200/esicm.56.421

Mehrabian, A., & Russell, J. A. (1974). An approach to environmental psychology.
Cambridge, MA: MIT Press.

Meissner, K. L., & Mello, P. A. (2022). The unintended consequences of UN
sanctions: A qualitative comparative analysis. Contemporary Security Policy, 43(2),
243-273. https://doi.org/10.1080/13523260.2022.2059226

Meuer, J., Rupietta, C., & Backes-Gellner, U. (2015). Layers of co-existing
innovation systems. Research Policy, 44(4), 888-910.
https://doi.org/10.1016/j.respol.2015.01.013

Micik, M., & Gangur, M. (2024). Understanding social commerce use intention: A
mixed-method approach based on structural equation modeling and fuzzy-set
qualitative comparative analysis. Journal of Competitiveness, 16(4), 17-43.
https://doi.org/10.7441/joc.2024.04.02

Mitzinneck, B. C., Coenen, J., Noseleit, F., & Rupietta, C. (2024). Impact creation
approaches of community-based enterprises: A configurational analysis of enabling
conditions. Journal of Business Venturing, 39(6), 106420.
https://doi.org/10.1016/]j.jbusvent.2024.106420

Mora-Cruz, A., & Palos-Sanchez, P. R. (2023). Crowdfunding platforms: a
systematic literature review and a bibliometric analysis. [International

Entrepreneurship and Management Journal, 19, 1257-1288.
https://doi.org/10.1007/s11365-023-00856-3

Moreno-Moreno, A. M., Sanchis-Pedregosa, C., & Berenguer, E. (2019). Success
factors in peer-to-business (P2B) crowdlending: A predictive approach. IEEE Access,
7, 148586-148593. 10.1109/ACCESS.2019.2946858

Nyilasy, G., Yi, S., Herhausen, D., Ludwig, S., & Dahl, D. W. (2025). Business-to-
Investor Marketing: The Interplay of Costly and Costless Signals. Journal of
Marketing, 89(3), 97-117. https://doi.org/10.1177/00222429241288464

Oana, I.-E., Schneider, C. Q., & Thomann, E. (2021). Qualitative Comparative
Analysis  Using R. A Beginner’s Guide. Cambridge University Press.
https://doi.org/10.1017/9781009006781

Pappas, I. O., & Woodside, A. G. (2021). Fuzzy-set Qualitative Comparative
Analysis (fSQCA): Guidelines for research practice in Information Systems and
marketing. International Journal of Information Management, 58, 102310. 68-4012.
https://doi.org/10.1016/j.ijjinfomgt.2021.102310

https://doi.org/10.7441/j0c.2026.02.08

229


https://doi.org/10.65479/joinetech.11
https://doi.org/10.1016/j.stae.2025.100108
https://doi.org/10.7200/esicm.56.421
https://doi.org/10.1080/13523260.2022.2059226
https://doi.org/10.1016/j.respol.2015.01.013
https://doi.org/10.7441/joc.2024.04.02
https://doi.org/10.1016/j.jbusvent.2024.106420
https://doi.org/10.1007/s11365-023-00856-3
https://doi.org/10.1177/00222429241288464
https://doi.org/10.1017/9781009006781
https://doi.org/10.1016/j.ijinfomgt.2021.102310

= Journal of Competitiveness

54.

55.

56.

57.

38.

59.

60.

61.

62.

63.

64.

65.

66.

Park, Y., Fiss, P. C., & El Sawy, O. A. (2020).Theorizing the Multiplicity of Digital
Phenomena: The Ecology of Configurations, Causal Recipes, and Guidelines for
Applying QCA. MIS Quarterly, 44(4), 1493-1520.
https://doi.org/10.25300/M1SQ/2020/13879

Penz, R. F., Horisch, J., & Tenner, 1. (2022). Investors in environmental ventures
want good money-and a clean conscience: How framing interest rates, and the
environmental impact of crowdlending projects influence funding decisions.
Technological Forecasting & Social Change, 182, 121849.
https://doi.org/10.1016/].techfore.2022.121849

Perdana, A., & Gultom, S. E. (2026). Digital platform dynamics: exploring the
paradoxical role of financial literacy in crowdlending adoption. Management
Decision, 64(13), 268-298. https://doi.org/10.1108/MD-02-2025-0455

Perdana, A., Jutasompakora, P., & Chung, S. (2023). Shaping crowdlending
investors’ trust: Technological, social, and economic exchange perspectives.
Electronic Markets, 33, 25. https://doi.org/10.1007/s12525-023-00650-7

Pierrakis, Y. (2019). Peer-to-peer lending to businesses: Investors’ characteristics,
investment criteria and motivation. The International Journal of Entrepreneurship
and Innovation, 20(4), 239-250. https://doi.org/10.1177/1465750319842528

Ragin, C. C. (2014). The Comparative Method. Moving beyond qualitative and
quantitative strategies. University of California Press.
https://www.jstor.org/stable/10.1525/j.cttowqbwk

Ragin, C. C., & Fiss, P. C. (2024). A set-analytic approach to intersectionality. Social
Science Research, 120, 103002. https://doi.org/10.1016/j.ssresearch.2024.103002

Rey-Tienda, S., Ariza-Montes, J. A., & Leal-Rodriguez, A. L. (2025).
Competitiveness in university research and its impact on professors’ mental health:
An exploratory analysis of demands and resources. Journal of Competitiveness,
17(2), 21-56. https://doi.org/10.7441/j0¢.2025.02.02

Ribeiro-Navarrete, S., Calderon-Monge, E., Huerta-Zavala, P., & Palacios-Marqués,
D. (2025). From crowdfunding to crowdlending: the cases of Acero Watch and
Perinet Winery. European Journal of International Management, 27(3), 361-383.
https://doi.org/10.1504/EJIM.2025.149298

Ribeiro-Navarrete, S., Palacios-Marqués, D., Martin Martin, J. M., Guaita Martinez,
J. M. (2021). A synthetic indicator of market leaders in the crowdlending sector.
International Journal of Entrepreneurial Behavior & Research, 27(6), 1629—1645.
https://doi.org/10.1108/IJEBR-05-2021-0348

Ribeiro-Navarrete, S., Pineiro-Chousa, J., Lopez-Cabarcos, M. A., & Palacios-
Marqués, D. (2022). Crowdlending: mapping the core literature and research
frontiers. Review of Managerial Science, 16, 2381-2411.
https://doi.org/10.1007/s11846-021-00491-8

Ritika, & Khanna, A. (2025). Impact of behavioural factors on the investor’s
intention in peer-to-peer lending. Journal of Advances in Management Research,
22(1), 111-128. https://doi.org/10.1108/JAMR-05-2024-0163

Romero-Castro, N., & Miramontes-Vifia, V. (2025). Financing the sustainable
energy transition: A configurational approach to the analysis of community
initiatives. ESIC Market, 56(3), €438. https://doi.org/10.7200/esicm.56.438

https://doi.org/10.7441/j0c.2026.02.08

230


https://doi.org/10.25300/MISQ/2020/13879
https://doi.org/10.1016/j.techfore.2022.121849
https://doi.org/10.1108/MD-02-2025-0455
https://doi.org/10.1007/s12525-023-00650-7
https://doi.org/10.1177/1465750319842528
https://www.jstor.org/stable/10.1525/j.ctt6wqbwk
https://doi.org/10.1016/j.ssresearch.2024.103002
https://doi.org/10.7441/joc.2025.02.02
https://doi.org/10.1504/EJIM.2025.149298
https://doi.org/10.1108/IJEBR-05-2021-0348
https://doi.org/10.1007/s11846-021-00491-8
https://doi.org/10.1108/JAMR-05-2024-0163
https://doi.org/10.7200/esicm.56.438

= Journal of Competitiveness

67.

68.

69.

70.

71.

72.

73.

74.

75.

76.

77.

78.

Slimane, F. B., & Rousseau, A. (2020). Crowdlending campaigns for renewable
energy: Success factors. Journal of Cleaner Production, 249, 119330.
https://doi.org/10.1016/].jclepro.2019.119330

Standaert, T., Collewaert, V., & Vanacker T. (2025). Regulatory institutions and
cross-country differences in high-growth entrepreneurship rates: A configurational
approach. Journal of Business Venturing, 40(2), 106469.
https://doi.org/10.1016/j.jbusvent.2024.106469

Statista (2025a). Number of fintechs in Europe as of February 2025, by selected
countries.  https://www.statista.com/statistics/1553749/number-of-fintechs-europe-

by-country/

Statista (2025b). Outlook - Fmo - Capital Raising - Digital Capital Raising -
Crowdlending Business - Worldwide https://www.statista.com/outlook/fmo/capital-

raising/digital-capital-raising/crowdlending-business/worldwide?currency=USD
[28/12/2025]

Tran, V. T., Pham, T. T. H., Le, T. L., Dinh, T. H., & Pham, T. T. H. (2024).
FinTech knowledge as drivers of higher education students® FinTech entrepreneurial
intentions. Insights from stimulus-organism-response theory. The International
Journal of Management Education, 22, 101027.
https://doi.org/10.1016/].ijme.2024.101027

Unal, U., Bagci, R. B., &. Tas¢ioglu, M. (2025). Multidimensional customer
experience in the sustainability context. Management Decision, 64(6), 2206-2229.
https://doi.org/10.1108/MD-12-2023-2316

Viasquez-Ordonez, L. R., Lassala, C., Ulrich, K., & Ribeiro-Navarrete, S. (2023).
Efficiency factors in the financing of renewable energy projects through
crowdlending. Journal of Business Research, 155, 113389.
https://doi.org/10.1016/j.jbusres.2022.113389

Vazquez, B. L., Olmedo, A. M. G., Gonzalo, J. M. M., & Riera, M. F. G. (2025).
Linking SDGs to Corporate Financial Performance: Insights from fSQCA Analysis of

Prosperity-Related SDGs and Market Capitalization. Sustainable Technology and
Entrepreneurship, 4(3), 100115. https://doi.org/10.1016/j.stae.2025.100115

Wang, Q., Xiong, X., & Zheng, Z. (2021). Platform Characteristics and Online Peer-
to-Peer Lending: Evidence from China. Finance Research Letters, 38, 101511.
https://doi.org/10.1016/;.fr1.2020.101511

Woodside, A. G., Megehee, C. M., Isaksson, L., & Ferguson, G. (2020).
Consequences of national cultures and motivations on entrepreneurship, innovation,

ethical behaviour, and quality of life. Journal of Business & Industrial Marketing,
35(1), 40-60. https://doi.org/10.1108/JBIM-10-2018-0290

Wu, C. H.-J., Atmaja, F. T., Ko, Y.-C., & Guttena, R. K. (2023). Backer funding
intention in reward-based crowdfunding: service-dominant logic and stimulus-
organism-response perspectives. International Journal of Bank-Marketing, 41(2),
289-311. https://doi.org/10.1108/1IJBM-03-2022-0127

Xue, H., Du, J., Pizzo, A. D., Baker, B. J., Henry, T. E., Yan, G. E. & Watanabe, N.
M. (2024). The dynamics of esports crowdfunding campaign success: a social
exchange perspective. International Entrepreneurship and Management Journal,

20(2), 549-573. https://doi.org/10.1007/s11365-023-00850-9

https://doi.org/10.7441/j0c.2026.02.08

231


https://doi.org/10.1016/j.jclepro.2019.119330
https://doi.org/10.1016/j.jbusvent.2024.106469
https://www.statista.com/statistics/1553749/number-of-fintechs-europe-by-country/
https://www.statista.com/statistics/1553749/number-of-fintechs-europe-by-country/
https://www.statista.com/outlook/fmo/capital-raising/digital-capital-raising/crowdlending-business/worldwide?currency=USD
https://www.statista.com/outlook/fmo/capital-raising/digital-capital-raising/crowdlending-business/worldwide?currency=USD
https://doi.org/10.1016/j.ijme.2024.101027
https://doi.org/10.1108/MD-12-2023-2316
https://doi.org/10.1016/j.jbusres.2022.113389
https://doi.org/10.1016/j.stae.2025.100115
https://doi.org/10.1016/j.frl.2020.101511
https://doi.org/10.1108/JBIM-10-2018-0290
https://doi.org/10.1108/IJBM-03-2022-0127
https://doi.org/10.1007/s11365-023-00850-9

= Journal of Competitiveness

Contact information

prof. Cayetano Medina-Molina, Ph.D.
Centro Universitario San Isidoro

Spain

cmedina@centrosanisidoro.es

ORCID: 0000-0003-2322-777X

prof. Luca Delbello, Ph.D.

ESIC UniversityFaculty

Spain

E-mail: luca.delbello@esic.university

prof. Andrea Mara Pimenta Alonso, Ph.D.
ESIC University

Spain

E-mail: andreamara.pimenta@esic.university
ORCID: https://orcid.org/0000-0002-7281-7947

prof. José Maria Ferrer.

Universidad Tecnoldgica Atlantico Mediterraneo (UTAMED)
Spain

E-mail: jomaferrer@outlook.com

ORCID: https://orcid.org/0000-0002-4279-9338

https://doi.org/10.7441/j0c.2026.02.08

232


https://orcid.org/0000-0002-7281-7947

